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e Almost all correlate positively with the experimental ranking
£ F S < Mean and median tau values of 0.15 and 0.17, - HSP90, and
“* Mean and median tau values of 0.18 and 0.24 - MAP4K4.

= Conformational flexibility; P-loop has folded, closed or extended conformation.?
e CT3 harder probably due to:
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Both co-crystal structures have the same closed conformation. « Information about ligand poses did not lead to more accurate affinity rankings. U pcom i ng C hal Ienge
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